ISSN (Online): 2583,648X

International Journal of Ingenious Research, Invention and Development
An International, High Impact Factor, Double,Blind Peer,Reviewed, Open,Access, Multidisciplinary Online Journal

Volume 4 | Issue 2 | April 2025

www.ijirid.in

Detection of Diabetic Retinopathy using
Convolutional Neural Network

Kunjan Desale?, Sanika Jadhav?, Chaitali More?, Shrushti Shirbhate*, Prof. Dhanashri Nevase®
1Assistant Professor, Smt. Kashibai Navale College of Engineering, Pune, India
2345Student, Smt. Kashibai Navale College of Engineering, Pune, India

Abstract: A medical disorder called diabetic retinopathy arises when diabetes mellitus damages the
retina. It takes a lot of time to diagnose diabetic retinopathy using coloured fundus pictures since
skilled doctors are needed to recognise the existence and importance of numerous tiny
characteristics. In this study, we suggest a CNN-based method for identifying diabetic retinopathy
in fundus photographs. A novel segmentation method utilising Gabor filters is employed to prepare
the data for the model’s training. Data augmentation is used to increase the dataset since it is
insufficient to train the model. Our segmentation model can identify the presence of DR and
recognise complex characteristics in fundus pictures. The model is effectively trained using a top-
tier graphics processing unit (GPU). Impressive outcomes are shown using the publicly accessible
Kaggle Dataset, especially for a challenging categorization assignment. Our suggested CNN obtains
a specificity of 94% on the training dataset of 14,650 pictures.

Keywords: Diabetic Retinopathy Detection, Semantic Segmentation, Convolutional Neural
Network (CNN), Color Fundus Images.

I. INTRODUCTION
Patients with diabetes may develop diabetic retinopathy, which is an eye problem. Damaged blood
vessels in the retina, a tissue that is sensitive to light, are the primary cause of DR. Type 1 or Type 2
diabetic patients are more vulnerable to this condition. If the patient has a protracted case of diabetes
and the blood sugar level is not routinely regulated, the likelihood of this [3] complication being
present in the eye increases.
DiabetiRetinopathy is one of the leading causes of blindness in the western world. It has been shown
that regular monitoring of diabetic patients' Diabetic Retinopathy is quite helpful in preventing the
condition. This method is proven to be crucial if this issue is recognised in its early stages since diabetic
retinopathy is a condition that is treatable.
Diabetic Retinopathy, the main cause of blindness in working-age adults, affects millions of individuals.
The categorization of diabetic retinopathy heavily depends on the location and weighting of many
criteria. When performed by professionals, the task takes a lot of time. Computers are utilised to make
speedier categorization if properly taught, allowing physicians to assist in real-time. Computer imaging
research on the effectiveness of automated grading for diabetic retinopathy has been on-going, with
positive results.
A subset of deep learning known as convolutional neural networks (CNNs) has a remarkable track
record for use in image processing and interpretation, including medical imaging. [2]
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Network architectures created specifically to handle picture data were commonly constructed in the
1970s with practical applications and outperformed other methods for difficult jobs like handwritten
character recognition. Nevertheless, neural networks did not become practical for more challenging
image identification applications until a number of advances, including the development of dropout
and rectified linear units and the corresponding rise in computational capacity through graphics
processor units (GPUs).

Nowadays, massive CNNs are utilised to effectively complete extremely challenging picture
identification tasks with a wide range of object classes. Several of today's cutting-edge image
classification tasks, including the yearly ImageNet and COCO challenges, employ CNNs.

In this study, we suggest a CNN technique based on deep learning for the detection of diabetic
retinopathy in fundus pictures.

In order to improve the model's training, we also created a novel segmentation method for blood
vessels. This has been discussed in previous papers since it is a medical imaging job that is
diagnostically relevant.[9] Picture augmentation techniques are used on the photos to extend the
dataset in order to make up for the small number of images in the training dataset. A greater number
of photos also improved training outcomes.

Il. BACKGROUND AND MOTIVATION

Diabetic Retinopathy (DR) is a serious eye condition caused by damage to the blood vessels of the
retina due to diabetes. It is one of the leading causes of blindness among working-age adults across
the globe. Early diagnosis and timely intervention are essential to prevent permanent vision loss.
However, the manual analysis of retinal fundus images requires highly skilled ophthalmologists, is
time-consuming, and is prone to subjective errors. With the increasing number of diabetic patients
worldwide, there is a growing need for an automated, accurate, and efficient system to detect DR at
an early stage. [4]

Recent advancements in Artificial Intelligence, especially in Deep Learning, have made it possible to
achieve high accuracy in image-based medical diagnoses. Convolutional Neural Networks (CNNs) have
shown excellent performance in image classification tasks. Motivated by these advancements, this
project focuses on building a CNN-based model that can automatically detect diabetic retinopathy
from retinal images. By leveraging modern techniques like data augmentation and Gabor filter-based
preprocessing, the project aims to contribute to the field of medical imaging and provide a scalable
solution for early DR detection.

Purpose of the Research:

The purpose of this research is to develop an automated, reliable, and efficient system for the early
detection of Diabetic Retinopathy using Convolutional Neural Networks (CNNs). The study aims to
reduce the dependency on manual screening, minimize diagnosis time, and assist healthcare
professionals in identifying DR in its early stages.[7] By using deep learning techniques and advanced
preprocessing methods, the project seeks to improve the accuracy of detection and make retinal
screening more accessible, especially in regions with limited medical resources.
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Impact:

The project has a significant impact on healthcare by enabling early and accurate detection of Diabetic
Retinopathy, potentially preventing vision loss in diabetic patients. It reduces the burden on
ophthalmologists and makes screening accessible in remote and undeserved areas. The system also
promotes faster diagnosis, improving overall patient care and outcomes.

Concepts:

Core concepts include preprocessing techniques like normalization and segmentation using Gabor
filters to highlight important features. [11] CNN architecture is employed to automatically detect
patterns in images through convolution, pooling, and dense layers. Data augmentation methods are
used to expand the training dataset and improve model robustness. Optimization algorithms and loss
functions guide the model's learning to accurately classify the stages of Diabetic Retinopathy.

l1l. LITERATURE SURVEY
The detection of diabetic retinopathy (DR) has been extensively studied using various traditional and
advanced approaches. Earlier methods primarily focused on manual feature extraction techniques,
such as blood vessel segmentation and microaneurysm detection, but these were limited by variability
in image quality and heavy dependence on expert interpretation. Studies published on ScienceDirect
highlight the shift from conventional image processing methods toward machine learning-based
models, which improved diagnostic performance but still struggled with complex retinal structures.

ScienceDirect: With the emergence of deep learning, Convolutional Neural Networks (CNNs) have
become the dominant approach for DR detection. Research articles from |Gl Global and ScienceDirect
demonstrate that CNNs outperform traditional classifiers by automatically learning multi-level
features from fundus images without manual intervention. Gulshan et al. (2016), in a landmark study,
achieved high sensitivity and specificity for DR detection using deep CNNs trained on a large dataset.
Other researchers proposed using data augmentation and segmentation methods to enhance dataset
size and improve model robustness, especially when working with imbalanced datasets.

IGI Global: Moreover, literature from 1Gl Global emphasizes the importance of preprocessing
techniques, such as Gabor filtering and image normalization, to enhance image quality and boost the
performance of CNN-based systems. Public datasets like the Kaggle Diabetic Retinopathy Detection
Challenge have been instrumental in training and validating different models, enabling comparative
studies across different approaches.

Overall, existing research establishes that while CNNs have significantly improved accuracy in DR
detection, challenges like explainability, model generalization across diverse datasets, and clinical
validation remain key areas for future exploration. Our project builds upon these findings by
integrating preprocessing, CNN classification, and model optimization to deliver an efficient and
scalable solution for early diabetic retinopathy detection.
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IV. METHODOLOGY
1. Theoretical Framework Development:
A strong theoretical foundation was built by studying deep learning, image processing, and CNN
architectures relevant to medical imaging. Understanding concepts like feature extraction,
classification, and model training helped structure the solution. Relevant research papers and
case studies were reviewed to strengthen the proposed approach.

2. Algorithm Development:
A custom Convolutional Neural Network (CNN) algorithm was designed for classifying retinal
images. It involved defining the architecture, activation functions, optimization techniques, and
evaluation metrics. The algorithm was tuned through iterative improvements to handle the
complexity of Diabetic Retinopathy detection.

3. Data Collection and Preprocessing:
The Kaggle Diabetic Retinopathy dataset was used, consisting of labeled retinal images.
Preprocessing steps such as resizing, normalization, and contrast enhancement were applied.
Gabor filters were used for segmentation to better highlight retinal features for effective model
training.

4. System Integration and Implementation:
The frontend (React.js) and backend (Flask API) were integrated to create a complete web-based
system. The backend connected the trained CNN model to the user interface, allowing users to
upload retinal images and receive predictions. The system ensured smooth communication
between components.

5. User Testing and Evaluation:
System functionality was tested with sample images to evaluate user experience and model
performance. Test cases covered various DR severity levels to validate prediction accuracy.
Feedback from users and developers helped identify improvements for reliability and usability.[8]

6. Performance Evaluation and Optimization:
The model's performance was assessed using metrics like accuracy, precision, recall, and
specificity. Hyperparameter tuning, dropout regularization, and batch normalization techniques
were applied to improve training stability and model generalization. This ensured optimal results
on unseen validation data.

7. Ethical Considerations and Privacy Protection:
Strict measures were considered to ensure patient data confidentiality and privacy. All medical
images were anonymized, and no personally identifiable information was processed. Ethical
practices were maintained while handling sensitive healthcare data throughout the project
lifecycle. [2]
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8. Documentation and Knowledge Transfer:
Comprehensive documentation was prepared covering system design, architecture, dataset
usage, and training procedures. Clear knowledge transfer materials were created to help future
teams understand, replicate, and extend the project. Proper records ensured project continuity
and future development support[7].

V. ALGORITHMS
Developing an Al-driven virtual study partner involves integrating sophisticated algorithms and
technologies to enhance user engagement and learning efficiency. The core components of this
system include:

5.1: Convolutional Neural Network (CNN)
Goal: The primary goal of using CNN is to automatically extract meaningful features from retinal
images and classify the severity of Diabetic Retinopathy. CNNs are particularly efficient at
handling high-dimensional image data with minimal manual intervention.

Implementation Steps:

1. Architecture Design: Define the CNN architecture with multiple convolutional layers,
pooling layers, fully connected layers, and an output layer with softmax activation for
classification.

2. Feature Extraction: Apply convolutional filters on retinal images to detect important
features such as blood vessels, microaneurysms, and hemorrhages.

3. Downsampling: Use pooling layers to reduce spatial dimensions and retain essential
features while reducing computation.

4. Training the Network: Train the model using a labeled dataset, minimizing a loss function
(like categorical cross-entropy) with an optimizer like Adam.

5. Evaluation and Tuning: Assess model performance using validation data and tune
hyperparameters (like learning rate, batch size) for better generalization.

5.2: Data Augmentation Techniques
Goal: The goal of applying data augmentation is to artificially expand the dataset and prevent
overfitting by creating diverse versions of existing images through various transformations.

Implementation Steps:

1. Image Transformations: Apply random rotations, flips, shifts, and zooms to the existing
retinal images to create new training samples.

2. Noise Injection: Slight variations are introduced to simulate different imaging conditions and
improve model robustness.

3. Normalization: Scale pixel values to a consistent range (e.g., [0, 1]) to ensure smoother and
faster training.
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4. Training with Augmented Data: Train the CNN model on the expanded dataset to improve
its ability to generalize on unseen images.

5.3: Gabor Filter-based Preprocessing
Goal: The goal of using Gabor filters is to enhance and segment specific structures like blood
vessels in retinal images, improving feature detection for the CNN model.

Implementation Steps:

1. Gabor Kernel Design: Create a set of Gabor filters with different orientations and
frequencies to detect textural patterns in retinal images.

2. Filter Application: Apply the Gabor filters on input images to highlight important retinal
structures such as vessels and lesions.

3. Segmentation Output: Generate processed images that emphasize crucial features, making
it easier for the CNN to learn meaningful patterns during training.5.4. Notification System:

Vi. MATHEMATICAL MODEL
Steps to Define a Mathematical Model:
1. Problem Definition:
e  Given a retinal fundus image, |, the goal is to classify it as Normal (N) or Diabetic Retinopathy
(DR).
o |f DRis detected, classify its severity: Mild, Moderate, Severe, Proliferative DR.

2. Input Representation (Preprocessing Stage):
e  Retinal Fundus Image: | (x, y) where x, y are pixel coordinates.
e  Color Normalization: Convert image to grayscale or enhanced RGB using contrast
enhancement. I’ (x, y) = f (I (x, y)).

|II

e Noise Removal: I (x,y) =" (x, y) - N (x, y); where N (x, y) is the noise component.
3. Feature Extraction:
e  Blood Vessel Detection: V(x,y) = TopHat(l”') - BottomHat(l"”).
e  Microaneurysms Detection: M(x,y) = 1"(x,y)-Threshold.
e  Texture Features using Local Binary Pattern (LBP):LBP(x,y) = 5 s(I(xi,yi) - I(x,y))22l; where
s(x) is a step function.
e  Histogram of Oriented Gradients (HOG) Features: Compute gradient magnitude G(x,y) and
orientation 6(x,y).
Generate feature descriptor vector: H = {h1,h2,...,hN}.

4. Classification Model:
e  Logistic Regression: P(y=1|X) = 1/(1=e”(-(Bo + 3BiXi)))
e  Support Vector Machine (SVM): Decision function: f(X) = sign (5 aiyi k(Xi, X) + b).
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o  Deep Learning (CNN Model):
Convolution Layer: oi, j(I) =>m, n li+ m, j + n(l = 1)Km, n(I) + B(l).
Fully Connected Layer: yk = Softmax(WkX+bk).

5. Evaluation Metrics
e  Accuracy: Acc=TP+TN/TP+TN+FP=FN
e  Precision: TP /(TP + FP)
e  Sensitivity (Recall): Se=TP / TP + FN
e  F1-Score: F1 =2 * Precision * Recall / Precision + Recall

Final Model Representation:

The diabetic retinopathy detection system can be mathematically formulated as:

y =f((1);

where: |is the input fundus image.
(1) is the feature extraction function that extracts vessel density, exudates, microaneurysmes,
and texture features.
f(+) is the classification function that maps extracted features to class labels ye{Normal, Mild,
Moderate, Severe, Proliferative}.

VII. SYSTEM ARCHITECTURE
The architecture proposes the overall steps used during the process. Starting with the image database
which has fundus images of retina on which image extraction, Image segmentation & augmentation
module has been applied. After examining the cnn topologies, multiclass Inception v3 architecture is
used for training. The network has 48 layers and predicts our categorization using softmax activation
function.
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VIil. GAP ANALYSIS
Despite advancements in medical imaging and machine learning, early detection of diabetic
retinopathy remains a challenge due to the subtle nature of early-stage symptoms and the need for
expert interpretation of retinal images.
Traditional diagnostic methods are time-consuming, prone to human error, and require extensive
medical expertise.
Existing automated systems often struggle with achieving high accuracy and specificity, especially
when dealing with complex retinal features. Our project addresses this gap by implementing a
Convolutional Neural Network (CNN)-based approach that enhances detection precision, improves
feature recognition using techniques like Gabor filtering, and leverages data augmentation to
overcome limitations of small datasets. This solution provides a faster, scalable, and more reliable
diagnostic tool to assist medical professionals.

IX. CONCLUSION

The detection of diabetic retinopathy using Convolutional Neural Networks (CNNs) demonstrates the
potential of deep learning techniques in addressing critical healthcare challenges. By employing data
augmentation, segmentation techniques, and robust model training, our system successfully identifies
diabetic retinopathy in retinal images with high specificity and reasonable accuracy. The model
significantly reduces the reliance on manual diagnosis, offering a faster and more scalable alternative
for early detection. Although there is scope for further improvement, especially in handling complex
retinal features and enhancing model generalization, the results are promising. This project bridges
the gap between medical expertise and automated diagnostics, highlighting the practical applications of Al in
medical imaging. Future enhancements could involve using more advanced architectures, larger datasets, and
further optimizing performance to improve reliability in real-world clinical settings.
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